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Object recognition with depth images using NDT

Keita Sakemi and Ryo Kurazume,

Abstract:
Normal Distribution Transform

Kyushu University

This paper presents a new object recognition method using
(NDT).

Firstly, 3D range data 1is

transformed to ND representation using Principal Component Analysis.

Then a directional histogram of Eigen vectors

is created. Object

classification is performed using the directional histogram.
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Fig.3 Histogram using NDT
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Table.1 Recognition rate

recognition rate SVM kernel
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