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category place number of image sets

corridor 1 74

corridor corridor 2 74
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total 222
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total 222
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total 222

office 1 74

office 2 74

office
office 3 74
total 222
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% corridor | kitchen lab study office
corridor | 98.11 0.54 1.35 0.00 0.00
kitchen 2.43 85.14 0.00 0.00 12.43

lab 2.97 0.00 97.03 | 0.00 0.00
study 0.00 0.27 0.00 | 99.73 0.00
office 0.00 0.00 0.00 0.00 100.00
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